Abstract. MicroRNA (miR)-19a, as an oncomiR, has been studied in several types of cancer; however, its role in the development and progression of multiple myeloma (MM) remains unclear. The present study used a bioinformatics approach to investigate the involvement of miR-19a in MM. miR-19a targets were predicted using target prediction programs, followed by screening for differentially expressed genes in MM. The function of these genes was then annotated using gene ontology term enrichment, signaling pathway enrichment and protein-protein interaction (PPI) analysis. In addition, natural language processing (NLP) was performed to identify genes associated with MM. A total of 715 putative targets of miR-19a were identified in the present study, of which 40 were experimentally validated. A total of 121 genes were identified to be differentially expressed in MM, including 80 upregulated genes and 41 downregulated genes. Among the differentially expressed genes, ras homolog family member B, clathrin heavy chain, prosaposin and protein phosphatase 6 regulatory subunit 2 were predicted target genes of miR-19a. The results of NLP revealed that 2 of the differentially expressed genes, Y-box binding protein 1 and TP53 regulated inhibitor of apoptosis 1, were reported to be associated with MM. In addition, 41 target genes of miR-19a were identified to be associated with the development and progression of MM. These results may aid in understanding the molecular mechanisms of miR-19a in the development and progression of MM. In addition, the results of the present study indicate that targets genes of miR-19a are potential candidate biomarkers for MM.
Introduction
Multiple myeloma (MM) is a B-cell malignancy characterized by the aberrant clonal expansion of plasma cells (PCs) within the bone marrow, and, as a consequence, osteolytic bone destruction with hypercalcemia, anemia, immunosuppression and end organ damage frequently occurs (1) . Recent advances in molecular and genetic research into MM have led to the discovery that although MM is defined histologically as a single entity, it encompasses a wide range of genomic abnormalities, including numerical and structural chromosomal abnormalities, gene mutations and epigenetic alterations (2) (3) (4) , which differ in their molecular pathogenesis and prognostic significance (5) .
MicroRNAs (miRNAs/miRs) are small non-coding single-stranded RNAs of ~22 nucleotides in length, which control gene expression at a post-transcriptional level by degrading or repressing target mRNAs, resulting in translational repression or mRNA degradation. miRNAs serve roles in essential biological processes, including cellular growth, differentiation and proliferation. In addition, miRNAs regulate the expression of >30% of protein-coding genes, and >50% of miRNA target genes are located in cancer-associated genomic regions, suggesting that miRNAs serve an important role in the pathogenesis of human cancer (6, 7) . It is well known that the dysregulation of miRNAs is associated with the pathogenesis of cancer, and that miRNA expression profiles have prognostic implications in numerous types of cancer. Thus, inhibiting specific miRNAs is a therapeutic strategy for the treatment of cancer (8) .
Numerous previous studies have detected miRNA expression in MM via microarray profiling and reverse transcription-quantitative polymerase chain reaction analysis (9) (10) (11) , with results suggesting that miRNAs serve an important role in the molecular pathogenesis, progression and prognosis of MM. Lionetti et al (9) evaluated the influence of allelic imbalances on miRNA expression in MM, and identified that differential miRNA expression patterns were associated with the cytogenetic abnormalities in MM, particularly with immunoglobulin heavy locus translocations. Furthermore, Wu et al (10) was able to develop an 'outcome classifier' in patients newly diagnosed with myeloma based on their expression of specific miRNAs.
The miR-17-92 cluster, located in an intron of miR-17-92a-1 cluster host gene on chromosome 13q31.3, was originally reported to be implicated in B-cell neoplasms, including MM (11) . Later, the miR-17-92 cluster was identified as an oncomiR due to its oncogenic activity in several types of cancer (12) . Mendell (11) identified that the deletion of miR-17-92 inhibited B-cell proliferation and development, whereas its overexpression induced B-cell hyperproliferation and autoimmune diseases. Another study revealed that members of the miR-17-92 cluster, particularly miR-19a and b, were upregulated in MM, but not in healthy cases or monoclonal gammopathy of undetermined significance (MGUS), suggesting a potential role of the cluster in the progression from MGUS to MM, likely representing MM-specific genetic changes (2) .
miR-19a, a key component of miR-17-92 cluster, has been directly implicated in myeloma pathogenesis (13, 14) . In addition, miR-19a has been demonstrated to be upregulated in patients with MM, and in MM cell lines compared with normal plasma cells (13, 15) . Furthermore, miR-19a was more highly expressed in patients with MM with 13q14 deletions compared with those without these deletions (5, 16, 17) . Additionally, miR-19a antagonists have been revealed to suppress MM tumor growth in nude mice (14) . miR-19a can modulate the expression of proteins that are essential in myeloma pathogenesis, including suppressors of cytokine signaling (SOCS), a gene that is frequently silenced in MM, releasing inhibition of interleukin 6 and leading to pro-growth signaling (14) . These results highlight the contribution of miR-19a to the pathogenesis of MM and its potential application as a molecular biomarker for MM.
Although the function of miR-19a has been relatively well studied, its exact role in the development and progression of MM remains unclear. Systematic analyses of miR-19a-associated malignant cell behavior is required. Since miR-19a's function is mediated through its target genes, the exploration of its target genes is also essential. The inverse correlation between miRNA-mRNA interactions may aid in the identification of target genes regulated by miR-19a in the pathogenesis of MM. Combined with the MM gene expression profiling data generated by high-throughput technology in a previous study (18) , the present study performed a systematic analysis of miR-19a predicted target genes associated with the carcinogenesis, prognosis and chemoresistance of MM in order to further investigate the potential involvement of miR-19a in MM.
Materials and methods
Prediction of miRNA target genes. miR-19a target prediction was performed using the online tool miRWalk (http://www.umm. uni-heidelberg.de/apps/zmf/mirwalk) (19) with a combination of three currently available independent target prediction programs, including PicTar (version 2005; http://pictar.mdc-berlin. de/cgi-bin/PicTar_vertebrate.cgi), miRanda (version 5; http://www.ebi.ac.uk/enright-srv/microcosm/ htdocs/targets/v5) and TargetScan (version 5.1; http://www.targetscan.org). Only the targets genes that were confirmed by all of the above prediction programs or experimentally validated according to the miRWalk database were considered putative targets of miR-19a.
Identifying gene expression profiles. The Gene Expression Omnibus database (GEO, http://www.ncbi.nlm.nih.gov/geo), a public repository for high-throughput gene expression datasets, was searched for MM gene expression profiling studies. Expression profiling studies of peripheral blood mononuclear cells from patients with MM were obtained from previous studies (20) (21) (22) .
Differential analysis of genes in MM.
The raw gene expression data of each study was downloaded from the GEO database, and preprocessed for background correction and Z-score normalization. The Bioconductor limma package (version 1.9.6) in R (23) was used to perform differential analysis of genes between MM and controls using a two-tailed Student's t-test. The p-value of individual microarray studies were combined using Fisher's exact test. Differently expressed genes with a false discovery rate (FDR) <0.01 were selected.
Functional classification. GeneCodis (http://genecodis.cnb. csic.es/) was used to perform Gene Ontology (GO) term and Kyoto Encyclopedia of Genes and Genomes (KEGG) pathway enrichment analysis, in order to annotate the function of the selected genes. The functional GO terms were classified into three groups, biological processes, cellular components and molecular functions. Genes were mapped to corresponding signaling pathways according to KEGG signaling pathway database, and the enrichment FDR was calculated for each pathway, and the criteria of FDR <0.05 was used as the threshold for significance.
Protein-protein interaction (PPI) network analysis.
To explore the function of genes at the protein level, PPI analysis was performed as previously described (24) . The Biological General Repository for Interaction Datasets (BioGRID; http://thebiogrid.org) was used to construct the PPI network. BIOGRID is an online interaction repository, confirmed by existing high-throughput experiments. Cytoscape version 3.3.0 software was used to display the PPI network, as previously described (25) . In the PPI network produced, nodes indicate proteins and edges indicate interactions between these nodes. The nodes that contain the most connectivity degrees are defined as significant hub proteins.
Natural language processing (NLP) analysis of MM. Document searching and formatting were performed in PubMed (http://www.ncbi.nlm.nih.gov/pubmed) using the keywords 'multiple myeloma' and 'resistance or prognosis or carcinogenesis or tumorigenesis'. All of the genes and proteins associated with these keywords were extracted, followed by gene mention tagging using A Biomedical Named Entity Recognizer software, version 1.5 (http://pages.cs.wisc.edu/~bsettles/abner). For the conditions, multiple genes were described in a word, such as 'STAT3/5 gene', and these were translate manually to 'STAT3 gene', and 'STAT5 gene'. Gene names were normalized based on the Entrez database (https://www.ncbi.nlm.nih .gov/gene). Gene names were normalized based on the Entrez database (https://www.ncbi.nlm.nih.gov/gene).
The frequency of the occurrence of each gene was calculated. The higher the frequency of the gene, the greater the likelihood of the association between MM and the gene. The total number of studies in PubMed database was recorded as 'N'. The frequency of the genes and diseases associated with these in the PubMed database were denoted as 'm' and 'n', respectively. It was hypothesized that subtracting the disease co-occurrent from the actual frequency of the gene would equal 'k'. Then, by using hypergeometric distribution, the probability of a frequency greater than k co-citation at completely random conditions was calculated as follows:
Results
Predicted target genes of miR-19a. Target genes of miR-19a were predicted using three target prediction programs. A total of 715 putative targets of miR-19a were identified using these three programs, among which 40 were experimentally validated in miRWalk (data not shown).
Differentially expressed genes in MM.
Following searching the GEO database, three gene expression profiling studies of MM were collected (GSE23832, GSE21942 and GSE17048; Table I ). The raw data was downloaded and processed, and 121 genes were identified to be differentially expressed in MM with an FDR <0.01, including 80 upregulated genes and 41 downregulated genes (Fig. 1) . The top 10 most significantly upregulated or downregulated genes are listed in Table II . Interestingly, four putative targets of miR-19a, ras homolog family member B (RHOB), clathrin heavy chain (CLTC), prosaposin (PSAP) and protein phosphatase 6 regulatory subunit 2 (PPP6R2), were identified to be differentially expressed.
Functional classification of differentially expressed genes.
For the differentially expressed genes in MM, GO term enrichment analysis was performed. For biological processes, 38 GO terms were significantly enriched, and the most significantly enriched GO terms were translation (GO:0006412; FDR, 3.14x10 -21 ) and viral transcription (GO:0019083; FDR, 3.59x10 -18 ) ( Fig. 2A) . For cellular components, 29 GO terms were significantly enriched, and the most significantly enriched GO terms were ribosome (GO:0005840; FDR, 5.12x10 -15 ) and cytosolic small ribosomal subunit (GO:0022627; FDR, 2.60x10 -11 ) (Fig. 2B) . For molecular functions, 9 GO terms were significantly enriched, and the most significantly enriched GO terms were structural constituent of ribosome (GO:0003735; FDR, 1.40x10 -20 ) and protein binding (GO:0005515; FDR, 1.82x10 -10 ) (Fig. 2C) . When performing the KEGG pathway enrichment analysis, 7 signaling pathways were significantly enriched with the criteria of FDR <0.05 (Table III) . The most significant pathway was ribosome (FDR, 2.25x10 -16 ). Furthermore, oxidative phosphorylation (FDR, 0.0277), bacterial invasion of epithelial cells (FDR, 0.0286), lysosome (FDR, 0.0318), the Wnt signaling pathway (FDR, 0.0343), tuberculosis (FDR, 0.0385) and collecting duct acid secretion (FDR, 0.0407) were also significantly enriched.
PPI network.
A PPI network including all of the differentially expressed genes identified was constructed. The PPI network produced included 2,355 nodes and 3,707 edges (Fig. 3) . Highly connected proteins in the network are called hub proteins, which are the core of regulation and serve an important role in the stability of the network. The significant hub proteins were identified, including COP9 signalosome complex subunit 5 (COPS5; connectivity degree, 791), CLTC (connectivity degree, 172) and 60S ribosomal protein L11 (connectivity degree, 167).
NLP results. The abstracts of 6,795 primary studies were identified using the aforementioned search strategy and a total of 662 MM-associated genes were obtained (data not shown). Integrated analysis was performed to identify the overlap between the 715 miR-19a target genes previously identified and the 662 MM-associated genes obtained from NLP analysis. This revealed that there were 41 overlapping genes (Table IV and Fig. 4 ), which were associated with the development and progression of MM, and were putative miR-19a target genes. In addition, 2 of the differentially expressed genes, Y-box binding protein 1 (YBX1) and TP53 regulated inhibitor of apoptosis 1 (TRIAP1) were identified to be associated with MM (Fig. 4) .
Discussion
Several previous studies (2, (13) (14) (15) have demonstrated that miR-19a is deregulated in MM as an oncomiR, suggesting it serves an important role in MM. Considering that the biological significance of miRNA deregulation relies on the effect upon target protein-coding genes, predicted target genes of miR-19a that were associated with the carcinogenesis, prognosis and chemoresistance of MM were systematically analyzed in the present study in order to further investigate the potential involvement of miR-19a in MM. Strategies to determine miRNA targets include bioinformatical prediction and experimental assays. The present study utilized three common computational algorithms, miRanda, PicTar and TargetScan, to identify 715 putative target genes of miR-19a, among which 40 were experimentally validated in miRWalk. In addition, NLP analysis was performed in the current study, which identified 662 MM-associated genes. Then, integrated analysis revealed 41 predicted target genes of miR-19a that were associated with the development and progression of MM, including Kirsten rat sarcoma viral oncogene homolog (KRAS), SOCS and CCND1. Several of these MM-associated putative miR-19a targets, including SOCS and CCND1, have already been verified by miRNA functional experiments (14) . Previous studies have demonstrated that oncogenic mutations of RAS occur in 30-40% of patients with MM and are rarely found in MGUS (26) (27) (28) . The occurrence of RAS mutation appears independent of clinical stage, but is associated with disease progression, an aggressive phenotype, resistance to therapy and poor patient survival (26, 27, 29) . Steinbrunn et al (27) also reported that the ectopic overexpression of oncogenic RAS induces MM cell proliferation and lowers drug efficacy.
Given that the altered expression of miR-19a in MM would cause changes in target gene expression, differentially expressed genes between MM and normal controls were assessed in current study using gene expression data. This revealed that 121 genes were differentially expressed in MM, including 80 upregulated genes and 41 downregulated genes. In addition, 2 of the differentially expressed genes, YBX1 and TRIAP1, were identified to be associated with MM in the present study. YBX1, a member of the cold-shock domain protein superfamily, is involved in a wide range of cellular functions, including DNA transcription, replication and repair, and environmental stress and chromatin remodeling, in addition to pre-mRNA splicing (30). Chatterjee et al (31) demonstrated that YBX1 was overexpressed in immature and anaplastic MM cells, but not expressed in normal PCs, MGUS PCs or the majority of MM specimens, suggesting it serves a role in dedifferentiation as part of the malignant transformation process. Furthermore, other studies have reported that the aberrant expression of YBX1 is associated with tumorigenesis, and cancer cell proliferation, survival and drug resistance (32, 33) . Interestingly, four putative targets of miR-19a, RHOB, CLTC, PSAP and PPP6R2, were identified to be differentially expressed in MM in the present study. The tumor suppressor RHOB has been demonstrated to downregulated in various types of cancer (34, 35) , which is in accord with the findings of the present study. Notably, Tan et al (36) revealed Figure 2 . GO term enrichment analysis of the differentially expressed genes identified in multiple myeloma. GO analysis under the category of (A) biological processes, (B) cellular components and (C) molecular functions. GO, gene ontology.
that RHOB induced apoptosis, and inhibited proliferation and migration in pancreatic cancer as a direct target of miR-19a. Chromosomal and genomic analyses have revealed that the ALK receptor tyrosine kinase gene is fused to CLTC in inflammatory myofibroblastic tumors and B-cell lymphoma (37, 38) . However, the exact role of CLTC in MM has not yet been reported. PSAP, a highly conserved glycoprotein, is overexpressed in prostate cancer and esophageal squamous cell carcinoma (39, 40) . A similar expression trend for PSAP was observed in the present study, indicating that it may be a candidate biomarker for MM.
In the PPI network of differentially expressed genes produced in the present study, COPS5 had the highest connectivity degree, suggesting that it serves an important role in MM progression. COPS5, one of the eight subunits of the COP9 signalosome, is overexpressed in a variety of types of human cancer (41) . COPS5was identified to be overexpressed in MM in the present study. A previous study demonstrated that the specific knockdown of COPS5 inhibits the proliferation of colorectal cancer cells (42) , and that COPS5-transgenic mice developed a phenotype similar to that of myeloproliferative disorders (43) . In addition, COPS5 is involved in Ras-mediated cell transformation by inhibiting premature senescence (44) .
All of the differentially expressed genes in MM identified in the present study underwent GO term and signaling pathway enrichment analysis, in addition to PPI network construction, in order to understand their function. This revealed functions in Figure 3 . Protein-protein interaction analysis of the differentially expressed genes identified in multiple myeloma. Red, upregulated; green, downregulated; rectangles, differentially expressed genes; circular, genes interacting with differentially expressed genes. viral transcription, the viral infectious cycle, viral reproduction and the bacterial invasion of epithelial cells. A previous clinical investigation revealed that the risk of bacterial and viral infections was seven times higher in MM patients compared with matched controls due to MM-associated immunodeficiency resulting from PC disorders, including B-cell dysfunction, and T-cell, dendritic cell and NK cell abnormalities (45).
In conclusion, the present study identified and systematically analyzed predicted MM-associated target genes of miR-19a. A total of 121 differentially expressed genes in MM were identified, including 80 upregulated genes and 41 downregulated genes. Among these differentially expressed genes, RHOB, CLTC, PSAP and PPP6R2, were predicted target genes of miR-19a. The results of NLP analysis revealed that Table IV . Overlapping genes that were associated with the development and progression of multiple myeloma, and were putative target genes of microRNA-19a (n=41). 
